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Motivation and objectives Structure of MMLU-BG

The main issues related to low-resource languages such as Bulgarian: Domain ff subjects  # questions # words

e Most LLM benchmarks target English; very few evaluation STEM ” 3.606 159 6K

resources for Bulgarian: e.g., bgGLUE, BgGPT Evaluation Suite. 15 4134 238 4K

e A growing need for more evaluation benchmarks as existing o _ _ _

ones quickly become outdated due to model overfitting. ”
_ 7 6

Why MMLU? Tota\ 14, 093 307.3K
e Domain scope and universality - academic subjects in STEM,
Social Sciences, Humanities, Professional Skills. Development protocol of MMLU-BG
Standardised evaluation - 4-options multiple-choice format.
Multilinguality - multilingual versions, e.g. Global MMLU, MMLU-X. The main issues related to low-resource languages such as Bulgarian:
Practical relevance - smaller models, common in low-resource e Human expert translation by Bulgarian language
settings, score far below saturation. specialists. Experts consulted research articles, textbooks,
Comparison of human-translated and machine-translated terminology dictionaries and encyclopaedias.
henchmarks. e Terminology consistency was checked semi-automatically to
ensure each unique term was translated uniformly.

e All subjects were cross-validated by a second expert. Any
MMLU-BG is a large-scale benchmark in Bulgarian designed to assess the errors or inconsistencies in spelling, punctuation, or grammar were

general knowledge and multi-domain versatility of LLMs, identifying model corrected directly. Issues involving unclear meaning or factual errors
strengths and weaknesses across different knowledge areas. were returned to the first expert for a final decision.

Fxperiments: (1) Comparing 7 LLMs on MMLU (EN) vs. MMLU-BG; (2) MMLU-BG (Human) vs. MMLU-BG-X (MT)

NVIDIA A100 GPU (80 GB VRAM); temp = 0./. One-shot evaluation. Prompt: question + 4 options (A/B/C/D). Metric: accuracy. Unified pipeline for 7 LLMs.
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Conclusions and future work

e Benchmarks focusing on STEM-related capabilities consistently
show stronger correlations with human judgements across
languages; tasks requiring understanding of linguistic nuances and

cultural contexts are more sensitive to translation.

e [he next step is to expand MMLU-BG with language- anc
culture-specific knowledge, as well as data for more advancec
evaluation tasks.
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